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Abstract

We propose thathe likelihood that a firm commits financial reporting fraud isteslao
executiveoverconfidence A manager facingraearnings shortfails more likely tomanage
earnings to overcomeifthe believes the shortfall is temporary. Henttes earnings
managemenuill be aoneoff event that likelywill go undetected. lherformancealoes not
improve however, the managdgaced with reversals of prior period earnings management and
continuing poor performances left with no choice but to engage in the typegifegious
financial reportinghat the SEC prosecute®@veronfident managers with unrealistic beliefs
about future performance are more likely to find themselves in this situ&tmra sample of
frauds based on AAERs in the 1990s and 2000s, we analyze inky&hyirm-level, and
executivelevel proxies foroverconfidence The samplelemonstrates industry clusterimgy
risky, dynamic, high growth industries that face significant idiosyncratic Bskch industries
are attractive to overconfident executives according to locus of control thebhierm-level
and executivdevel analyses suggest that there aretiyesof frauds Those perpetrated by
executives wheex postfall down the slipperglopeand those perpetrated by executives &x
antecommit fraud foropportunistiaeasons Finally, we dowment that matched samplef
nonfraudfirms donot havestrongr governance mechanisrtigat prevent fraudThis result
mitigates the possibilitthat it isweak governance rather tharecutive overconfidendbatis a
significant determinant of fraud
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1. Introduction

In the mid1990s papers such d3eBondt and Thaler (1995) abdhniel,Hirshleifer,and
Subrahmanyar(l1998)generatedenewedacademic interesh theimpact of overconfidencen
decision making, especially ioporate finance decisionsSince the, studieshave documented
strongevidence that business exaeas are overconfident, on average, and that executive
overconfidence affecfinancing decisionandcorporaténvestmenf Concurrent with advances
in empiricalevidences the development @conomianodesk of decision making that attempt to
explan the observeghhenomeathatpeopleare overconfidenobn averageandthat
systematically biasedecisioamakers dominate executive positions slo doingthese models
make predictions about the impacteatcutive overconfidenaan corporate decisiemaking
(e.g.,Goel and Thakor, 200Bénabou and Tirole, 200Z0ompte and Postlewaite, 2003;
Brunnermeieand Parker, 2005; Gervais and Goldst2dQ7, Gervais, Heaton,ral Odean,

2006.

This papeexamines whetheyverconfidencés associated with one pamtiar corporate
decisioni earnings managemerniVe alsoexamine whether internal and external monitoring
mitigatesthe predicted advse effects of overconfidence earnings managemeaécisions

The study requires a careful defiait of overconfidence.The term is used inconsistently
in the academic literaturand it is often used interchangeably with optimigmsomestudies
optimismis unrealistiqpositive beliefs about the levels of outoes (i.e., cash flows) whereas

overconfidences unrealisic (positive)beliefs about some aspect of the distributban

! The literature that examines behavioral biases as they relate to economic decision making under uncertainty has a

long history (e.g., Kahneman and Tversky, 197yen in 1937, Adam Smith recognized the bias of
overconfidence: fAThe chance o-Yalugdandthe ¢chancemffloseisshgst y man mo |
menundev al ued. 06 ( Ci t e dMezanMalaney dnd Pearsob, 2000)., d e

% See Englmaier, 2004, Heaton, 20@2d Schultz and Zaman, 2Q@nd the references therein, for surveys of

studies that document that humans, in general, and corporate executives and entrepreneurs, in particular, are
overconfident. Studies of corporate decisions includen@iimgy decisions (Hackbarth, 200Heaton 2002 and

corporate investment (Malmendier and Tate, 2005; Roll, 1986).
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uncertain outcomée.g., underweighting the likelihood of negative outcomes or underestimating
the range). Othestudies useoptimismto describe aispositional trait wareasoverconfideice
comes from thelecisionma k e r 6 s  ¢éexg.peelucatienhaelates to a characteristf the
task (e.g., the controllability of the outcome). The first perspective dominates the ecenomics
based literature while the secoisdnore prominent in thesychologybasediterature®
Throughouthe paper, weefer to the behavioral bias of havingrealistic (positive) beliefs
aboutanyaspect of the distribution of an uncertain outcpsoeh thathe mearns overstategas
overconfidence Overconfidene can derive fronthe decisiorma k er 6 s i nnate tempe
his experience

Our first analysis proposes that overconfidence will be associated with financial reporting
fraud. The basic story is that financial reporting fraud esnts the escalationminor
earnings managemeintfractions. Earnings managemeint minor amountsn a given periods
|l i kely to go undetected as |l ong as the firmods
not improve, however, the manager is forcethtmage earnirgginincreasingamountsa cover
reversals and to keep up the earnings expectations he has.ckeateint ual | 'y, t he mar
only option is to Acook the bookso by falsify
misstatements that are prosecutgdie SEC. An overconfident manager with unrealistic
beliefs about future performae is more likely to start down the slippery slope to fraud because
he is less likely t@orrectly anticipate the need for more egregious earnings management in

subsequenperiods.*

3 Clearly, this is a broad generalization. Weinstein and Klein (1996), for examptee s cr i be f-sided i mi s mo
T underestimating the likelihood of negatiwatcomeqas opposetb also overestimatg the likelihood of positive).

Grinblatt and Keloharju (2001) attemptdastinguish two behavioral biases that may lead to siraliserved

decision outcome®verconfidence (miscalibratiarf risk) andsensatiorseeking (innate des for greater risk).

* The Waste Management fraud is consistent with thissstorfi Def endant s i mproper account
centralized at corporate headquarters. Each year, Buntrock, Rooney, and others prepared an annual budget in which

they set eanings targets for the upcoming year. During the year, they monitored the Company's actual operating



The fraud sample includes firms accused of frauds in SEC Accounting and Auditing
Enforcement Releases (AAERS) in the 1990s and 2000s identified in Erickson, Hanlon, and
Maydew (2006), and the executives named in those fraivgdirst documentmdustry
clustering in the fraud firms that is consistent with an attraction of overconfident executives to
risky, dynamic, high growth industries that face significant idiosyncratic risk. The locus of
control literature (e.g., Rotter, 1966) predicts thagrconfident executives who exhibantrot
seekingoehaviomwill be attracted to such industries.

The remainder of the analysis comparedsitthed firms and their executives aomatched
sample of firms and executive$hroughouthe analysis, we pariin the fraud firm executives
based on whether the SEEE posidentified their fraudulent financial reporting behavior as
motivated by incentivef personal gain. The conclusion that emerges is that there are two
types of fraudulent executives, thokedat ar e Aopportunisticodo and th
slippery slope consistentitlv our story. Opportunistic executives, relative to-opportunistic
fraud firm executives, are more likely to be from founding families and more likely to have
greater commtment to the firm. They are less likely to be CPAs and have audit experience.
They have significantly higher total compensation and a significantly greater percentage of their
total pay is variable (bonus scaled by bonus plus salahgre is some eglence that the fraud
firm executives differ from the matched sample executives on the basis of other corporate
financing decisions that they make, including capital structure choice and dividend policy, which

have been linked to overconfidence.

results and compared them to the quarterly targets set in the budget. To reduce expenses and inflate earnings

artificially, defendants then primarily usetbfr-level adjustments" to conform the Company's actual results to the
predetermined earnings targets. The inflated earnings of prior periods then became the floor for future

manipulations. The consequences, however, created what Hau (the Waste Manaigenpeesident, corporate

controller, and chief accounting officer) referred to as a-ffieproblem. To sustain the scheme, earnings
fraudulently achieved in ondAARR1B3I2od had to be replaced



The distnction betweenhe nonopportunisticand opportunistic executives is similar to
one maden the economickaseca nd psychol ogy | iteratures bet we
| ow to moderate | evels and extremeiasdver conf i d
Robinson, 2005; Grinblatt and Keloharju, 200t is also consistent with the theoretical models
in which an fAoptimalo |l evel of optimism ari se
executive makes certain distorted decisions, the costs of awlednadeebff against the benefits
of the effects of optimism on other factinghe decisiorma k er 6 s ut i | i ty. Mor e
level of optimism, however, will lead to greater distortion in decsiaich Puri and Robinson
(2005 characterize asnprudent.

Our second analysexamines the association between governance mechanisms and
fraud. In summarywe observao significant differences between the fraud firms and the match
sample firms with respect to commonly studied governance mechanisioding block
ownership, board size, board composition, and nteasaf the entrenchment and boegs of the
inside, outgle, and gray board membeiSombined with the earligesults this result may
suggest thdtraud firm executives are more overcomfent than those at the némaud firms and
thatbetter governance mechanisms were not in place to mitigate their tendency to commit fraud.
These resultare not consistent withnalternative explanatiothatfraud firm and noffraud
firm executives arequially overconfident, but that better governance mitigated the adverse
effects of their overconfidence on earnings management decisions.

The fraud literatureecognizesiattitude® as a potential risk factomwith specific
indicators includinganaggresive, evasive or disrespectfuinanner high turnover;undue
emphasis on meeting projectiomsmaintaining stock pricegnda poorreputation prior

irregularities or a history oviolations(e.g., LoebbeckeEining,and Willingham 1989 SAS 99,



2002. Theseattitudesrepresenbutcomes of fraudulertehavior howeveryrather thanmore

fundamental firm or executiveharacteristics that might be associated witilite COSO report

(1999 on fraudulent financial reporting alsoncludes that characteristisuch agtone at the

topo and manageridiintegrityd are important, but provides no evidence on this issu@ur

analysis attempts to examitiee relation between a more fundamental personality trait and fraud.
The paper is organized as followsec8on 2 develops the hypotheses and predictions.

Section 3escribes the fraud sam@adthe matched sample. Sectahi 6 summarize the

results of the industry level, firm level, and executive levels tests, respect8adyion7

examines theampad of compensation angovernance mechanisroa the relation between

overconfidence and fraumhd Sectior8 concludes.

2. Hypothesis development

In this section,ws peci fy a managero6s wutility with
decisions in order torganize our discussion tie relation between unrealistiellefsand fraud
We are not solving for an equilibrium earnings management decision. In particular, the
manager 6s ¢ o mp thebermchmarksron whizhittisrbasedd firm performanre,
which could be modeled as a function of managerial effort, are exogenbespecification of
the utility function is usefulo exposegotentid omitted correlated variableékat we consider in

the empirical angsis.

21lThe earninggisiomanager 6s de

We assume the following expected utility function for a manager

® This setup is based on ideas in Brummeier and Parker (2005) who model optimism as an endogenous choice that
maxi mi zes aver age nf e lbasicstdryp their modelis that woealigtie optinoscth ¢ .periodT h e

r
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Themanager 6s expect esumalthetime texpectepayofts tomie curenti s t he
period earnings management decision (the first bracket®ed #ad the expected period t+1

payoffs (the second bracketed termijhe managechooses the amount of earnings management
at time t (@) after observinginmanaged earnindsr period t (Y, ). His utility is a furction (f)
of the deviation of reported earnings, if the earnings management goes undetectad, from

exogenously specifiedenchmark,® .
Themanager 6ds ut i | iE(cy") 7 themxpeciedcost df eamihgs d e s

maragement which varies with the amount of managed earnindy &nd embeds expectations

about the penalty and about the probability of detectiveral studies indicate that firfes
fraud and restatemerdse large, exautives fae jail time, andeputational penalties are
substantial (COSO repoft999 Karpoff, Lee and Martin 2004 and Karpoff and Lott, 1993).

In makingthe time tearnings managemeaécision the manager anticipates making a
similar earnings management deaisiat time t+1 He has expectations over period t+1 earnings

and heunderstand# his period t earnings managemaiit reverse in period t+1The manager

knows the time t+1 benchmark§").

2.2 The role of overconfidence
Our prediction that overconfidence is associated wrdud coms from recognizing that

the managemakes an earngs managemenwlecision each period. At time t+i{he manager

1 about anticipated period 2 utility can improaeerage felicityeven though it mighbe associated with distorted
decisiorsin period 1.



has unrealistic expectations abéuttre period outcomesY,,, ), he anticipates greater slack in
period t+1 earnings relative to the benchmark, and is more likely to manage earnings in period t.
If thetime t+1earnings realization less the reversél,(- of™) is not sufficient to meet the

benchmark, th manager may choose to manage earnings agéiile the manager anticipates
making this choice at t+1,raanager that lsaunrealistic expectatiorat tabout t+1 earnings
more likely tobe in a position at+1 in which egregious earnings maeagentis the optimal
choiceat t+1 A similar prediction holds if the manager has unrealistic (overconfident)
expectations abotibe likelihood of detection.

Besides the impact of overconfidence on expectations about future period earnings and
the probability ofdetection, gerconfidence may affedhé earnings management demis
indirectlyif it is related to theshape of thé andg functionsandthe extent to which benchmarks
exist We expect that both factors are related tostltpe nt 6 s compeand ati on st r
compensation design has been linked to overconfidence. We discuss this issue further and
examine compensation explicitly in &m®n 7. Overconfidencalsomay affect the earnings
management deea indirectlyif it is related to the costs of manag earnings and the extent to
which premanaged earnings are greater than the benchr@arkindustrymatching attempts to
control for differenceacross firms that would be related to incentives and opportunities to
manage earnings and commit fraud.cti®a 5 reports arex postnalysis othe success aur

matching.

2.3Research design
We measure overconfidence us{dgindustrylevel, (2) firm-level, and(3) executive

level proxies.At the indusry level, weasserthat overconfident executivese attracted taork



in certain industries Thus we expect to observe a concentratiofrafids in these industries.
We compare the industry make of the fraud firms to thatf the Compustapopulation At the
firm-level, we assert that overconfidemanagers will be overconfident with respeclto
corporate finance decisionsot justtheir financial reporting decisiong hus, if overconfidence
is associated with fraud, we expect to see a correlation between fraudulent reporting and other
corpoite decisions that have been linked to overconfidelrcthis analysis, we compare the
corporate decisions of thieaud firms tothose fora matched sample of ndraud firms. At the
executivelevel, we use the psyology literature andhe emerging cquorate finance literature
on overconfidenc® identify characteristics of overconfident individual¥e compare
characteristics of the executives from the fraud samgleot®e of the executives from the
matched sample of nefraud firms.

We generaté¢he proxies for overconfidence from psychology and corporate finance
studies® Several common themes emerge from these studies. One of the most studied
phenomenon and robust findings in the psychology literature is that the greater the perceived
controllability of an event, the greater the tendency to exhibit optimistic bias (Weinstein and
Klein, 1996). Anothercommonthemeis that individuals are more likely to be overconfident
about the outcomes or the risk of a project when they have a personahstalsychologists
suggest thatmtimistic biasis a mechanism individuals usepreserve selsteenand he
danger t @steemisdgremtessifetie ventis one in which the individual has a personal
stake. A final common theme is thatvercoriident individualsexhibit selfattribution bias: They

attributesuccesses, especially recent successes, to ability, while attributing failures to bad luck.

® Recent studies on the impact of overconfidence on individual financial decisions, in particular, have assessed
overconfidence using questionnaire responses (e.g., sakpfectacy assessments in Puri and Robinson, 2005;
forecasts of stock market performance in Brvid, Graham, and Harvey, 2007) or unique datasets (esults of
required psychological tests for Finnish male&nnblatt and Keloharju, 2001).



3. Sample
3.1 The fraud sampleifms

Our sample of fraud firms is 49 of the 50 sample firms fEmokson, Hanlon, and
Maydew EHM, 2006) that wereubject to AAERs from January 1996 to November 2003e
EHM sampleincludes corporations (e.g., not brokemsjth allegations of fraud againgtemfor
which compensation data are availabléiMEdo nd eliminate firms in particular industries or
imposeother data constraints that induce obviselkection bias.

Throughout the analysis, we separately analyze frauds for whighNBR suggests that
the primay motiveis insider trading profits, bonuses, other compensationThese types of
fraudsex antedo not fit the slippery slope explanation; opportunism, not optimism, is the
explanation for the fraud according to the SE@rt he 13 i o frgudswesetani st i ¢ 0
indicator variableOPP_FIRM equalto 1. Theremaining 3dirms areclassified ason
opportunistic. The SE@s explanatioafor the remaining frauds are as followSor 26 firms, the
AAER suggests thahe firm was attemptintp meeteither internal targets such as budgets or
externdtargets such as Wall Street forecasts or investor expectaiibesAAER emphasizes
external financingransactions aamotive for six firms. Othermotivationsinclude influencing
merger transactits, moving eghanges, or hidg details that would real bad business
decisions €.g.,credit losses/store closings).

Table 1 provides a summary of the frauevenue recognition is the most frequent
fraudulent activity, consistent with evidence in Dechow, Sloan and Sweeney (1996), Farber
(2005) and COSO1999). Over 40% of the revenue recognitasesnvolve fictitious

revenuenot just premature recognition of a real earnings process. For all fraudulent activities,

"We eliminae Thorlndustries fom their samle. The AAER accuses a subsididgvel controller of managing
earnings to hide his theft of cash from corpotatel executives and does not accuse the firm of securities law
(10b-5) violations.



the most frequently alleged go84Po) is overstatement of earning¥hese two factare
important becaustey areconsistent wittthe types of earnings management activiied
objectivesthat are envisioned itme slippery slope explanation for frau@ihe opportunistic
firms engage in fraudulent behavior with respect to multiple atsand they are more often
accused of reportinfictitious as opposed to just prematuegenue They also are more likely
to have as a goal hiding debt off the balance sheet.
The fAeraodopis fr om tinhwhichfthe BECtallegefeaudulend i ¢ r ep
reportingto the last period in which the SEC alleges fraudulent beh&vitre average fraud
period is 3.78 years with a minimum of one year and a maximum of eight yacs. of our
analysis is done as of thest fiscal year before thgear in which theearnings management
began(CLEANYR). As an example, CLEANYRquat 1998whetherthe SEC alleges that the
fraud first occurred in the first quartef 1999 or in the fourth quartef 1999
Table 1 also reports data on the titrends inrestatement amounts for revenues and net
income. The restated revenues (earnings) of theopportunistic fraud firms increase by 221%
(39.9%) between the first year and the second year of the fraud. While the pattern is not direct
evidence of the slipgry slope explanation for fraud, it is nonetheless consistent with the story.
The same increasing trend in revenue restatements in not observed fqrdttarogtic firms
Thesample exhibitsome industry clusterin@able 1b) Elevenfirms (22%) aren the
2-digit DNUM covering computer programming, data processing, and miscellaneous business

servicesand sixfirms arein the computer and office equipment catedory.

8 For all but one firmthe periodic reports are the-K0or 10-Q. For Microstrategy, the fraudulent reports are IPO
and SEO registration statements.

° Prior research on fraud has noted industry concentraiiing differenbbenchmarkto identify a concentration.

For examplethere is overepresentation in banking, higach, and savings and loans and ufré@resentation in
education, government and other-fart-profit among a particular set of audit clients (Bell and Carcello, 2000); high
frequendes (raw counts) in compat hardware and software, other manufacturing, financialcgarvand healthcare
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The AAERs and related litigation releases identify 224 respondents that are empfoyees o

the 49 fraud firms Of these, we classify 107 as executives and 117 agxexutive employes

that do not appear in proxy statements. The average maihfespondentper fraud is 4.6, with

a minimum of 1 and a maximum of 23. Forty of the frangslve at least one executive, and

the average number of executives for thé3fauds is 2.7. Aleast onenon-executivewas

involvedin 360f thefrauds; the average numberrafnexecutivesacross these 36 frauds was

3.3 (range of 10 18).
Based on disussion in the AAERwe characterizeach respondent lwhether he
1) Aorchestratedo t heexdeutives)d (73 executives/
2) fAparticipatedo i n -exbeativedsyfomud (23 execut i
3) was fAwreckI|l ess i n notutivesitbmomxecgticesfabout t h
We alsocharacterize each respondent by whether he engaged-gesetfg behavior

related to thdéraud. If an AAER reports that tfeecusedvas required to disgorge funds directly

linked to fraudrelated trading or allegesf-serving compensatiomotivesfor the fraud the

indicator variabl®OPP_EXECequals 1, andqualszero otherwisé! This persorlevel variable

is distinct from tle firm-level variablg OPP_FIRM), but they are related. Eleven of thefit®s

that primariy have an opportunistic motivation have at least one respondent with insider trading

allegations against them. Howevet, of the 36 fims not classified gsrimarily opportunistic

also have at least one opportunistic respondent.

An analysis of trades lie executives s consi stent with our int

(COSQ 1999) and highiech industries (Dechow et al., 1996). The studies spec¢hkttgreateppportunities for

fraud given thenature oftheactivities in these industiseould explain the patterns

9We are able to determine the role for all sintaccused persorfall but four executivess this classification

decision is less subjective than it appears. The terms in quot@ichsstrated, participated, and wrieds in not

knowing)are frequently used in the AAERs. Even when these terms are not used, the classification is fairly
straightforward. For example, AAER 1749 states that e:
1f an AAER states thethe executives required to disgorge funds but does not specifically link the disgorgement

to therepayment of ilgotten gaindrom insider trading, then the executive is not classifiedpg®rtunistic

11



allegations about setfealing associated with the frauds. For each executeexaminethe
number of shares purchased less the number of shares sold duringN8a6HRS); whether
the executiveis a net purchaser a net seller in year tNS_IND;); andthe net market value of
the shares transacted during the yeld$( MV;).”> We compute these measures for t equals the
year prior to the start of the earnings management (CLEANYR)o@nchmark, and for the first,
second, and third years of the fraud (YearYlear 3)** Data to construct these proxies are from
Form 4 filings on Thompson Financial Services. Following Boehmer and Netter (1997), we
include only opemmarket purchasesd sales because we are assessing differences in
Ai nf orrnealtaitoend 0 ' r ansacti ons.

We also examine the skewness and standard deviation of the mei es of an
trades. For each executM&DEVMYV is the standard deviation, aB6KEWMV is the
skewness, of the market value of the trades by an executive measured over the fraud period
including CLEANYR. These variables capture the extent to which the executive engaged in
extreme trades relative to his own usual trade size (e.g., for liquigtiigh could reflect trading
opportunistically on private infonation. These variables mayitigate measurement error
associated with metrics that examine purchases and saldsmyéand arbitrarily setyindows
due to infrequeninsider trades (Boehmand Netter, 1997).

Table2 Panel Areportssignificanty higherpurchaseactivity in CLEANYR by the
opportunistic executive®lative to theexecutives who are natcused of insider trading. Their

selling activityis greater as well, consistent withet findings of Beneish (1999) and Summers

21n order tomake valid timeseries comparists, we useunadjusted shareée measurédNS_SHRS and we use
split-adjusted shares and sgdidjusted pricetb measurédNS_MV,.

13 Executives are included in years plus 1 through plus three even if the fraud period does not extend into these
years, reducig the power of our tests.

4 Limiting the sample to Form 4 transactions helps to isolate informhtised trades, but we also examine the data
for unusual observations. This review led to the deletion of four purchase transactions by the Adelphieegxecuti
(approximately $133 million each) in May 1®®elated to the spioff of its Hyperion subsidiaryAd el phi ad s
period is 19922001.

12
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and Sweeney (1998), but the differences are not statistically significhesefindings are not
consistent with ta idea that thepportunisticexecutives sell excessively to unload overpriced
shares, insteaddicating greater trading activity on averadganel B similarly shows th#te
opportunisticexecutives have significantly higher mean and median skewness and standard

deviations in their trading series relative to the-npportunistic executives.

4. Industry level analysis

The industry level analysis predicts a concentration of frauds in industries that attract
overconfident executivesl helocusof-controlliterature(e.g., Rotter, 1966) providesbasis for
identifying such industriesThis literaure distinguisheginternab individuals whoperceive
control over tle outcomes in their lives frofexternab individuals who believe outanes are
beyond their controlBroadly speaking, thsetudies suggeshatfinternal®i or controtseeking
individualsi areattracted to innovation and rigkking dynamic/heterogeneous environments,
and jobs that require proactive rather than passive managemnters,based on the link between
overconfidence and contralie predict that such firmesremore likelyto haveoverconfident
executives

We use the fotlwing proxies to capture these industry charactesis{igppendix A
provides details on construction of the variables defined in this and subsequent seéf®ns.)
measure industrevel imnovation by R&D ntensity RDINTENSE), intangibles intensity

(INTANGS), andcapital expendituresGAPEX). We proxyfor risk-taking using return

151n additional tests, weomparensider trading by these two samptedrading by executives from matched
sampe (to be defined later) Thereareno significant differences in the means or medians of any variable in any
period across the samplesmfitopportunistic executives and the matched sample execufivesonly exception

is that the median of the stamdaleviations is significantliigherfor the matched sample, which is not consistent
with unusual insider trading by the fraud firms.
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volatility (RETVOL) . The concept of a growing or more
measured bgrowth in salesRALESGRQ andin operating cash flowsQPCFGRQ, and

whether this growth is attributed to merger activMERGE). We also measure the length of

the operatingycle OPCYCLB), consistent with the notiathat internals are attracted to

Af ut (MillertKetede Vriesand Toulousgl982)* Finally, wemeasuréeterogeneity and
complexitybasedon the number obusiness (or geographic) segmgiNMSEG) andbased on

segment concentratiqg@ONC), measured as a reverbased Herfindahl index.

We measure each variabletla¢ firm level on an annual basis and computariadian
and mearof the observations #te 3digit industry level. Values for industries with less than
five annualobservationsre set to missingkor all variables except CONC and NUMSEG, we
compute agrand averagef the industry mediansver the period 1992004 For CONC and
NUMSEG, we compute separate grand averages pre an8pAst 131.The average for th
fraud sample is the average of the industediars for the 4%ample firms For Compusat
firms, we compute theimpleaverage otheindustrymedians for the Zlindustries in which no
fraud firms operatand we separately compute @arerage weighted by the numlzéfirms in
the industry.

Table 3 reports the industry level comparisonsthWéspecto differences in proxies for
accounting measures innovative/high growth/dynamic industrigke results are mixedlhe
fraud firms operate in industries wisignificantlylower R&D and intangibles intensity théme

weighted averag€omptstatsample and with lower intangibles than the simple average sample

% Miller, Kets de Vries, and Toulouse (1982%tthe internal/external theories using proprietary proxiesirfior

characteristics that would attract internalBheir proxiesincluda fit echnocr ati zati ond scor e,
prevalence and importance of engineers, scientists and tha likdis canni ngdé score, which ref
understand shiftsincustontera st es (a fAdynanta c®f wthwri irtoyndnesndagr,e whi ch r e
planning horizon.

" Results for grand averages of the anmmi@hns rather than mediaasd for the yar 1995(chosen because it is the

average CLEANYR) are similar.
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They do, however, tend to operate in leapital intensive industries. Tlraud firmsshow
significantly greater sales growth than the weighted average Compustat.sdhwple
opporunistic frauds occur in capital intensive industries and in industries with greater than
averagexmouns of merger activity.

The fraud firms operate igignificantlyriskier industries as measured by return volatility.
There is no distinction betweemetindustries of the opportunistic and rmpportunistic fraud
firms. Both the opportunistic and napportunistidraud firms havdower business
diversification, measured either by the number of segments or their concentiidtese
patterngogethersuggest thafraud firm executivesareattracted to risky industridsut not
necessarily tcomplex/heterogeneous industriesich isstill consistent with the idea that they
are attracted to industries in which they have the ability to control outcomes.

Our finalindustrylevel conjecturds thatoverconfidenexecutive are less likely to
(select to) be dirms whoseperformance isirivenmoreby macroeconomithanby
idiosyncratic factors given that thépve lesgontrol overtotal return performance.
Anecdotally, a notable feature thfe fraud sample and earlier studies is that frauds by firms in
commoditybased industriesn which managers are subject to price/dadisupply shocks that
are outside their contradre rare?

Ourproxy forthe manag r 6 s dceomgrol ever the idiosyncratic component of
returnsis the average variance about a market model regression estimated using monthly returns
over the period 1982002 for firms in each thredigit industry SYNCSSE following the

measure of @auntry-level return synchronicity in Li, Morck, Yang, and Yeung (2003)gher

18 Bell ard Carcello (2000), based on SAS 53, predict thdghfis ensi ti vity of operating re
factorso is a risk factor for fraud because such firms
opposite to our conjecture. They find eaidence, however, that auditors vieansitivity to economic factoes a

auditrisk factor.
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values ofSYNCSSE indicatéesssynchronicity infirm stock returns within the indtrg, which
suggests more control for the executi@ble3 shows thatvithin industryidiosyncratic riskis
significantly higher(i.e., return synchronicity is lowgin the fraud sampleompared to both

Compustat sampse

5. Firm level tests
Thefirm-level analysis includes two types t@sts. In the first analysis, we proxy for
managerial verconfidence with other firArevel decisions that recent studies suggest are
associated with overconfident executives. If the firm is overconfident with respect to these other
corporate decisions, then we expect they also will be overconfident witlctréspleeir financial
reporting decisions. Thus, we predict a correlation between fraudulent reporting and these other
decisions.Thesecondanalysisexaminegime-series trends in the praanaged earnings the
fraud firms. If overconfidence is assatgd with fraud, we predict that the fraud firms Wwgive
declining premanaged earnings/er the fraud periadThat is, they get bad draw in Year 2,
unexpected because of their unrealistic expectatomsd t hey are fAforcedo to
For both analyseghe benchmark for comparisonasnatched sample afonfraud
firms. Each fraud firm is matched to anfiin the same industry on the basis of firm size,
measured as totakset§ASSETS as of the end of the year before the earningsagament
began(CLEANYR). Foreign firms, firms missing DNUM classifications, and firms that are not
included in the Compustat or CRSP databases from the CLEANYR to the final year of the fraud
are excluded from the potential pool of match firidge insurethat each matched firm is itself
not the subject of an AAER during the fraud peribd.

Mat ching on industry attempts to control f

¥ Two of the original matched firms were replaced as a result of this procedure.
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given that revenue recognition and asset and expense ovenderdtatement atbe primary
fraud vehicles. Matching on size is important because the sample represendslctesby
the SEC to be accused of fraud and size may be correlated with SEC scrutiny. Beneish (1999)
also discusses this issue and matches on firm age tioican SEC scrutiny.

The matching achieves a reasonable match at theligiilevel (.e., total assets within
10%) for27 of the 49 firms. We matched at the thdegt level (twodigit level) for 15 (7) of
the firms#* We did not match on exchangs in Beasley (1996) and Farber (2005),ebupost
the samples are similar. This feature of the samples is important if incentives to meet
benchmarks to influence equity prices differ across exchanges.

The first panebf Table 4shows thathe fraud firns are not significantly differerftom
the matched sampleith respect to size measured by total asstttee end of CLEANYR, which
was the matching criterion. They also are not different with respect to size measured by net sales
(SALES) or the market alue of the firm MVSIZE), which is the sum of the market value of
equity, the book value of lorgrm debt, and the book value of preferred stock.

Table4 also reports characteristics of the samples that prior literature has identified as
determinants ofraud We include these comparisansassess the ability of the magchsample
to control for opportunitiesncentives andmotivesto commit fraud that aneot related to
overconfidence All variablesare measured during or at the end of CLEANYWRe drawthe
control ariables from three primary (recent) sources that study fraud determinants: Beasley
(1996) the COSO repoitl999) and EHM (2006).

The first set of variables relates to firaud performance, broadly speaking, which may

be associated witgreater incentives to commit fraud. We measure operating performance using

% The Compustat DNUM for Enron @a is 5172 Petroleum, Ex Bulk Statiivhsl); the DNUM for Enron Corp.
Old is 4923(Natural Gas Transmis and DistfEnron Corp. is matched to Public Service Enterprise Group, Inc., in
DNUM 4923, because theveere no reasonable size matches to EmddNUM 5172
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return on asse{®ROA), which is net income divided by total assets; net income scaled by sales
(NISALES); and income before extraordinary items scaled by silBdXEALES). Folowing

EHM (2006), we measure financial health using a mabsksed debto-equity ratio

(DERATIO), which is longterm debt scaled by the market value of the firm (MVSIZE).
Following Beasley (1996), we measure financial headtla binary variable thategjs 1 if the

firm had at least three loss years during the six year period preceding thélfRIABLE) and
equals zero otherwisé.We also include four measures of financial health that have been used in
other contexts: S&P bond ratingSRBOND); the airrent ratio CURRENT); the quick ratio
(QUICK); and the interest coverage rati@@dVRATIO). Assummary measus®f operating
performance and financial healthie use the booko-market ratid BKMKT) andthe

earnings/price rati¢e-P) following EHM (2006) Consistent with COSO (1999), wesasure
pre-fraud performancbased on stock returns. We computedimaulative return in the

calendar yeaprior to thefirst fraud year {YR_RET) using CRSP monthly returns with
distributions. We alsoomputethe voldility of the monthly observationdYR_RET\). Both
returnbasedvariables are set to missing if 12 monthly observations are not available.

The overall conclusion from the comparison of these variables is that theephsdofple
effectively controls foperformancerelatedearnings management incentiveghe fraud sample
includes severaxtreme negative observations for NISALES and IB4AXSALES, thus, the means,
but not the medianare marginally significantly lower. The extreme obsBore are at high
techstartups{, O, and 3 years ol d) whereas their ma
coverage ratios also are marginally lower, although their DERATIOS are not higher,isvhich

consistent with thearnings deficiencies relative to the match fsample.

% Results for similarly constructedROUBLE variables over shorter windows (2 years and 4 years) to maximize
data availability are similar.
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The second set @bntrolvariablesfor fraud determinants are proxites external
financingdemands. EHM (2006) expect younger fiffifims with lower free cash flow, and
firms involved in mergers, to have greater incentives to manage eaanithgsibsequently
commit fraud. Following EHM (2006), the number of years that the firm has been public
(AGEPUB) is thedifferencebetweenCLEANYR and the start year on CR3SPFree cash flow
(FCF) is operating cash flow from the SCF in year t less averagial expenditures over the
three years prior {3 to t1) scaled by current assets-d4t tMERGE is an indicator variable that
equals 1 if the financial statements suggest significant acquisition activity during the current
year,and equals zero otheise.

Thenonopportunistidraud firmsare significantly younger thahar matched sample
and have significantly lower free cash flow. Both comparisons are consistent with suggestions
that these firms may have greater external financing demands$uengréater incentives to
commit fraud. The opportunistic fradidms do not differ significantlyrom their matched
sampleon any of these dimensians

The third set otontrolv ar i abl es measures the nature of
to assespotential differences in the motivation and opportunity to manage earhirgiowing
Beasley (1996), we measure asset groABSETGRQ as the growth rate in total assets from
two (and four) years before the year of tftad. Following EHM (2006) we measure sales
growth SALESGRQ as the one year percentage change in sales in the year preceding the fraud.

We also include twproxiesfor growththat have been us&d other contextsl) Research and

% See alsBeasley (1996).

% For three fraud firms, AGEPUB equals which indicates that the first year of the fraud was the year of the IPO,
althoughthe fraud may have come before or after the IPO. For one fraud firm (Finehost), AGEBURe=fraud
started prior to their 1996 IPO.

#\We also examine external auditors as a potential determinant of (deterrent to) fraud, consistent with the early
literature on fraud determinants, howewegre is little variation in eithesample. All but four of the fraud firms

use Big8 auditors, two use named second tier firms. All but five of the fraud firms usg &iditors, two use

named second tier firms.
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development intensityRDINTENSE), whichis annual R& expensescaled by sales, and
property, plant, and equipment intensi®PE), which is PPE scaled by MVSIZE.
Thenonopportunistidraud firmshave significantly higher growtthanther matched
sample especially in recent period3his difference isvorth noting because Bdbavid,
Graham, and Harvey (2007) find a positive association between overconfidencgemrdksales
growth, which they use to represent past performalrcsummary, the comparison indicates
that the noropportunistic samplemayhave greater financing needs and growth than their
matched sample, which suggests that differences in incentives and motives to commiiafyaud

still be a concerm the subsequent analysis

5.1 Firmlevel decisions as proxies of overconfidence

We exammethreecorporate decisions that are potentially linked to overconfidence:
Capital structure, dividend policy, and tax aggressivenssaliesthatlink capital structure
choice to managerial overconfiderstigygest that\werconfidence can have two effecn inputs
to a firmdbs optimal deci si on a l2@02 Hackbarth,anci ng
2007). An optimistiananager overestimates cash flows from investment projects. An optimistic
manager also believes external financing costs (bothastebequity) are too high. Predictions
about the net impact of these two forces on capital structure choice depend on the relative degree
of optimism about each. Heaton (2002) generates standard pecking order preferences by
optimistic managers. Hacklarn(2007) generates predictions of a reverse pecking order
preference if the first effect dominates and a pecking order preference if the second effect
dominates.

If the fraud firm executives are more overconfident, then we predict a stronger pecking
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order preference for the fraud firms (higher dalsequity ratios) relative to the matched sample.
This prediction presumes that the matching effectively controls for growth opportunities. Within
the firmbés debt st r uct urskydebtv&hegepreditiioostarea gr eat
consistent with the survey resultsBRén-David, Grahamand Harvey (200Avho find that
overconfident executives are at firms with higher debt ratnaslonger debt duration, which is
their proxy for risker debt.

We examine four capital structure variables. The dekquity ratio, defined
previously; book leverage, which is long term debt scaled by total assets (LEVERAGE); the ratio
of convertible debt to MVSIZEGONVDEBT); and the ratio of preferred stockNtVSIZE
(PS). Results are similar if convertible debt and preferred stock are scaled by total Assets.
reported previously, the markeaised debt to equity ratio does not differ across the fraud and
matched samples. Book leverage also is not different atresgo sampés. The fraud firms,
however, appear t o ue,eonvertbteedebtfandipeferredstoskgwith r i t i e
marginally significant pvalues. We observe similar patterns debtto-equity ratios and book
leverageaf we restrict thesample to fraud firms and their matched pairs in which only -detoed
executive either orchestrated or participated in the frAMd expect thainly theg executives
are likely tohave control over capital structwtecisions. In this restricted salapthe fraud
firms have significantly higher percentages of preferred stock and convertible debt.

We also examine dividend policy. B&avid, Graham, and Harvey (2007) find that
overconfident executives are less likely to pay out dividends. Their exiglans that
overconfident executives preserve cash because they believe they will have valuable investment
opportunities.We analyze an indicator variable that equals 1 if the firm pays dividends during

the CLEANYR and equals 0 otherwidelYPAYER). Wealso examinelividend yieldin
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CLEANYR (DIVYLD).

Table5 reports that the fralifirms are not sigificantly less likely to pay dividends
compared to the matched sample firms, although the pattern gbeslirection documented by
BenDavid, Graham, ahHarvey (2007). Dividend yids are marginallgignificantlylower for
the fraud firms. While these patterns are consistent with the notion that executives at the fraud
firms are more overconfident than executives at thefraurd firms, aralternativeexplanation is
that DIVYLD proxies for financial distresshus the fraud firmbhavegreaterdistressmotivaied
incentivesfor fraud. This alternative, however, is not consistent with the similarity in
performance and financial health across the samplaswkented in Tablé. With respect to
both the capital structure and dividend policy variables, the results are similar for the
opportunistic and neopportunistic samples. No differences were expeekeahte

We next examine the association betweandrand tax aggressiveness (avoidance).
Although no prior studies (to our knowledge) have noted an association betveaerive
overconfidereand corporate tax elections, the potential association is intulfitfeemeasure
tax aggressiveness followingyE2ng, Hanlon, and Maydew (2006) who suggest that a low cash
based effective tax ra(€ASHETR) represents aggressive tax avoidance. CASHIETRe
ratio of cash taxes paid during the first year of the fraud to pretax income excluding special
items. Folbwing Dyreng et al., CASHETR is set to missing for firms that have a negative
denominator, and values less then zero (greater than one) are truncated to zero (one). The
CASHETR is computed for the first year of the fraud rather than the CLEANYR, as wet exp
that the earnings management and tax avoidance might be concurrent.

Table5 reports that the fraud firms have significantly lowesan anadnedian cash ETRs

than the matched sampl&his finding is consistent with the notion thaé fraud firm
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executves are more riskeeking than the nefnaud firm executives, and this characteristic
affectsboththeir earnings management and tax strategié finding is similar for both the
opportunistic and neopportunistic samplesAs with DIVYLD, however, theCASHETR could

be a proxy for financial distress.

5.2 Firm level tests dime-series trends in prenanaged earnings

The slippery slope explanation for fraud implies that fraud is more likely by
overconfident executives because the realizatiggenbd 2earningds more likely to be lower
than expected for overconfident managen® form unrealistically high expectation&n
implication of this explanation is thpte-managed earnings in Yeaofthe fraud deviate more
from the benchmark than diearl earnings Assuming dixed benchmarkwe predicta
decrease in prenanaged earnings from Year 1 to Yearais predictions unique tahe
slippery slope storyWe do not expect such a tirseries pattern for thepportunistt firms.

Table 6compareghe timeseries patterns of several performanglated variables for the
fraud firms and their matched sampl&®rformances measured gge-managecet incomean
dollars For all years for the match sample firms, and for CLEANYR for the fraud firms,
PERFORMANCEequals net income (data item #172) from Compustat. For the fraud firms in
Year 1 and Year 2, PERFORMANCE is restated net income if restatement amounts are available
and it is missing otherwise. Restatement amounts are obtained frirfilit0gs. % LOSS
FIRMS is an indicator equal to 1 for firms with negative PERFORMANCE and equal to O
otherwise.

Table 6 shows that theerformance of thaon-opportunisticdraud firmsis not

significantly differentfrom that oftheir matcled samplén raw dolar terms in CLEANY Ror

23



Year 1. In the second yeaf the fraud, however, th@e-managed earnings of the fraud firms is
significantly lower than that for the matched sampglbe timeseries trends reportednore
directly in the next panel. The fraudms have an average decline in earnings from CLEANYR
to Year 1 of 87%, which is consistent witie need tananage earnings initiallyPremanaged
earnings decline by a greater amount (174%) from Year 1 to Yeasknilar difference in
time-series trads is evidenfrom therelativepercens of loss firms in the samples.

The opportunistic sampl&éoweverdoes not exhibit the same deterioration in earnings in
Year 2. The earnings of the opportunistic fraud firms are significantly lower than thibesr of
matchedsamplen Year 1 at the median, but they are not significantly different in Year 2. In
fact, they show an increasing trend in unmanaged earnings, with a growth rate of 327% from
CLEANYR to Year 1 and of 408% from Year 1 to Year 2. Thegmarof loss firms declines in
Year 2. Thus theopportunistic firmscontinue the fraud, and even elevate it as noted in Table 1,

despitethefact that performance was improving.

6. Executive level tests

The executive level testequirea matched samplaf executives.We match each fraud
firm executive to an executive at its matched firm. We do not attempt to matexecutives.
Matching for them is fundamentally flawed because we are constrained to match to employees
that are described in public mps. Even for executives, matching is not straightforward
because organizationatstturegtitles differ across firms. Our go& to match on the
executi veds -makingalthortyfovedaepariicslar land of decision (digancial
vs. operational).

For the 107#raud firmexecutives, we are able to find reasonable matches for 99. The
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fraud sample contains 26 CEOs, 23 of which are matched to.CH@draw sample contains

35 financialexecutives (CFOs, controllers, chief accounting efi¢ VRfinance, or other

financial titles), 32 of which are matchedsimilarly titled financial executives. Board

membership was not a requirement for matchimgex posthereis moderatecorrelation

betweerthe two samples. Of the 57 fraud firmeextives that are on the BOD, 32 match to
executives on the match firmbés BOD. Of the
match to executives that are BOD chairs.

We measure several individual characteristics of the executives to praothefootion
thatoverconfidencés associated with controllability, a sense of personal investment, and self
attribution Our firstproxy variablas founding family status Consistent with the finding that
entrepreneurtend to be overconfidene (g.,Bernado and Welch and the cites theredf01;

Puri and Robinson, 2005)e propos¢hatexecutiveghat are founders or membersfaefinding
familiesare more likely to be overconfidenfEOUNDER equalsl if the executives a founder
or cafounder of the firmor is partof the foundingamily, andequalszerootherwise.

Earlier studies of fraud/restatements/earnings management hesrdezed founding
family status, however, they measure this variable at theléweii whether the top executives
(or CEO) atthe firm are founders not at the level of thexecutive involved in the fraudThat
specification confounds interpretation of the resisausdéounders may have different
incentives to manage earniripsin norfounders, but they also may have diger incentives to
monitorearnings management by otheBechow, SloanandSweeney1996 suggest that a
founderCEO impliesweak governance (greater influence combined with less accounfability
andfind a positive association between fraud and G&@nhders, and Loebbecke, Eining, and

Willingham (1989) find that closely held firms are more likely to be charged with fraud.
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Agrawal and Chadha2Q0®), however find that the probability ofmaccountingestatemenis
lower for firms in which the €O is parof a founding family, andvang (2009 finds firms with
founding family members in positions of influence are associatedwghierquality earnings

Our secongbroxyvariableisth e e x e enuteat theefitns We predict that an
executivewith longer tenuras more likely to hav@et projects about which he would be
overconfident TENURE is a continuous variabkqualto the number ofears between the
execut i v ed the fismaralthd firstdyeat of the fraud. somecasedor which we
cannot determinéhe exact start year, vgeibstitute the earliest year that eaild determin¢he
executivewas withthe firm? Oneproblemwith the TENUREmeasures thatfirm age vaies,
thusmeasuringenure in years does not capture the notion of ciomamtto projects To
capture the concept of commitmewe scaleflENURE by the number of years the firm has been
public at the first year of the frau@OMMIT). COMMIT equalsl for executives who are with
the firm at the time of listing, for which COMN would have bengreater than 100%.

Finally, we consideboard membership andh e e x e@a@sitian.iWe asabgary
variablegto indicate iftheexecutivels on the berd, is chair of the boards CEO oris CFO.
Since we match on position, we exphitle or no difference in titles in comparisons of the fraud
sample to the matched sample executividse distinctions areelevant howeverwhen we
compatre partitions within the faud sample.

In addition to the common themtisat overconfidence is leed tocontrollability, a
sense of personal investment, and-adtibution another finding is that>gertstend to be more
overconfident than novicde.g.,Griffin and Tversky, 1992)One might imagine that experts

would be more realistic (i.e., diased) because of their expertise, but the offsetting force is

2 \We made this substitution, which will create an understatement of tenure levels, to maximize available
observations. The results are not sensitive to this substitution.
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that their expertise causes them to believe they are better than average. Our first proxy for
perceived expertisis education. Moreeducated executives are likely to be overconfident
corsistent with evidence in Puri and Robinson (208%) BerDavid, Graham, and Harvey
(2007) We measur&EDUCATION usinga discretevariablethat measuresié highest level of
education attained: Nocollege), Bachel or ¢y dMagnrt @e2fentldypog rMaes t er
degreeg2.5), JDor PhD(3). I n addition, we have separate I
Masterods de@rmre éMaisg ea rq(MBARFE business aducat®n may create a
sense of overconfidence relatedit@mncial repating.

We examine two additional proxies for expertise that we predict make an executive
overconfidentspecifically in the fraud contexapout his ability to avoid detectiol€PA s a
binary variableequal to 1if the manager is a CPA amdjual tozer otherwis€® AUDITOR is a
binary variableequal tol if the executivehasexternalauditexperienceandequal tozero
otherwise. External audit expeence includes work atBig 8 or seconetier firms or with a bank
regulator(one case).

Another findng is thatmenare more overconfident than woméngenerakontextsand
empirical evidenceocumentghis phenomenon specificalfgr investment trading decisions
(e.g., Barber and Odean, 2001; Estes and Hosseini, 280lindicator variableRKEMALE )
equals 1 itheexecutiveis a woman, and equals zero otherviise.

Finally, we examine each eAGE)xcantbe coreldated a g e .

positively or negatively with factors that affect overconfidence. Empirical evidence on the

% The CPA variable is also coded = 1 if the manager is a member of the ACCA (Asspofafiharteed Certified

Accountantyin the United Kingdom or is a Chartered Accountant in Canada

2" Englmaier (2004) suggests thailitary service isassociated with overconfidence. We were able to identify o

two fraud firmexecutives John J. Rjas of Adelphia Communicatiorendfi Cahi ns awo Al Dunl ap from
who was a paratrooper at Westppisbd ce matched sampéxecutive Kenneth E. Hyatt from Walter Industries,

Inc.) with military service.Because of the small numbers, and our uncertainty abaih&rour data on this

variable are complete, we do not Buza military service.
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relation ketween age and decisions/forecasts that reflect overconfidence is sp@ekic with

results of mixed sigrinearity, and significance (e.g., Puri and Robinson, 2005; Arabsheibani, de
Meza, Maloney, and Pearson, 2000; Grinblatt and Keloharju, 200iévdierand Tate, 2005;
BenDavid, Graham, and Harvey, 2007). Thus, we view the evidence ondtierrddetween

age and fraud as descriptive.

We recognize that all of the proxies for overconfidence are endogenous at some level.
For example, there are damented patterns between education and overconfidence, but it is not
clear whether overconfidence leads individuals to attain greater education levels or whether
education leads to overconfidend&hile this endogeneity is emphasizedtire psychology
literaturejt is not relevanto this studyas long aghe proxy variableneasures the degree of an
executiveds ovVer cthenearnimjenmoagemant dedistore antd itsme o f
determinants are not correlated with determinants of fraud.

Tables 7aand7b present univariateomparison®f eachproxy for executive level
overconfidenceacross théraud firmand matched sampéxecutivesandacross sbsamples of
thefraud firmexecutives The first two columns of Tabléa indicate thathefraud firm
executiveshavesignificantly shorter tenureseasured ilyears (TENURE) antheasured as a
percentage of t h e Thisipattendiscontraryftethe prédzfidivthat the. fraud
firm executives are more overconfidefithe median ag®f the fraudfirm executivess lower,
although only significant in a oreded test and the result is tenuous given that we are measuring
agecoarsey in years, not monthg-raud firm executiveare significantly more likely to serve
on the board and to be mal€hey are marginally more likely to be from founding families (p
value of 15%) They do not differ with respect to positions (titles), which is not surprising given

the matchingriteria. They also do not differ with respect to educatiofirtancialexpertse as
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measured by whether they are a CPA&veauditexperience

The next three columreharacterize th&raud firm executives based on their role in the
fraud. Comparing the executives that orchestrate the fratltbse that participate the fraud
or were wrecklesghe orchestratoraresignificantlymore likely to be part of a founding family
and they have significantly longer tenuegghe firm Theorchestratorare significantlynore
likely to be on the boardndto be the board chairThey ae less likely to be CPAs or auditors,
whichsuggests hat t h e dbesoat direchthedraud, but his participation is necessary
to achieve it

Although te wreckless sample is too smalhtake statistical comparisons, one pattern
is worth noth g . The executi ves t hightlevetexeeutivegbdared d a s
chairs, CEOs or CFOsand CPAs anéxecutives with audit experienc&hese pattas are
almost tautologicalpne can only beonsideredvrecklessn not knowingabout thdraudif he
should hav&known The SEC appears to expect board chairs, CEOs and CFOs, and individuals
with financial expertis¢éo detect at least the significagpes offinancial reporting defalcations
in this sample

The final column of Tabl@a presets pvalues for tests of differences between the
means/medians of the #i&wud firm executives that orchestrated the frauds and #3amatched
sample counterpartfescriptive statistics for thigmited matchedsample are not presented;
they are similato those presented for the full matched sample except that there are more CEOs
and CFOs and greater board membersiitpe orchestrators are significantly more likely to be
from founding familiesand on the BODbut they have less experience with thenfmeasured
either by their commihent or their tenure in years.

Table7b, Panel Arepors characteristics dfaud firmexecutivegartitioned by whether
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the AAER identifiesopportunign as the primary motive for the frauth this analysis, all
executive at an OPPFIRM firm are in the opportunistic sampl&hat is, the 32 opportunistic
executives in Panel A represent all of the executives from the 13 fraud firms for which
OPP_FIRM = 1. Panel Bpartitions the fraud sample executiaghe executive l@l based on
the variableOPP_EXEC Except for the indicator of an MB/Avatterns across the opportunistic
and noropportunistic samples are identical for both measures of opportunism, but the
significance of the differences varies across the panels.

Overnall, Table7b suggests that founding family influence on fraud comes notriaiwe
overconfidencdut rather from an opportunistic motivé&his result, however, is due the four
founding family merbers involved in the Aelphia fraud, which is class#il as OPPFIRM = 1.
All four executives also are categorized as opportunistic bas@PBnEXEC= 1. Excluding
these executives, the percentages of opportunistic frauds involving founding family members is
higher than for the neapportunistic frauds, buahe difference is not significant either
classification for opportunism.

Table7b also reports that tenure and commitment differ significantly as a function of
opportunisnt® These results help clarify tipgeviously reportedesult that fraud firm exaitives
have significantlyshortertenures and commitmenthan matched sample executivése
shortertenureand lower commitment dhe fraud firmexecutiva is onlysignificantwhen the
nonropportunisticexecutivesarecompared to their respective mags(untabulated) There is
no significant difference in TENURE or COMMIT for tlo@portunisticexecutives compared to

their respective matche$Vhen appropriately corrected for firm age (COMMIT), the fraud firm

% Three executives have negative tenures. Two arrived and escalated existing earnings management (revenue
recogntion) practices; one arrived at the firm and participated in an already egregious situation. None of them were
at opportunistic firms or were considered to be opportunistic executives. Without these three executives, the tenure
and results in Tdb 7b ae unchanged. In Tabley/when these executives are excluded the tenures of the
orchestrators and nasrchestrators are no longer significant. All other results remain the same.
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and matched sample executives are notifstgntly different.

Finally, Table7b reports that thepportunisticexecutivesaresignificantly lesdikely to
be CPAs anthaveauditexperience. This pattern suggests thaaedtitors (all of which are
CPAs) may engage in fraud, but they do not apfmeangage in sekerving frauds.The
opportunistic executives also ararginally more likely to béemale (pvalue = 12%) but this

finding is based on only one female executive accused of fraud who is defined as opportunistic.

7. Compensation and gogrnance
7.10verconfidence andompensation

Theorysuggests thaiverconfidenceouldplay a role in thelesignof the compensation
function. Gervais, HeatorandOdean (2006) predict that overconfident executives require less
convexity in an optimal cordct (i.e., fewer options) as overconfidence reduces the classic
principal/agent conflict and better aligns managers with shareholdecsrding to @ la Rosa
(2007), the optimal contract with an overconfident manager trades off two forces: overconfident
manage s fi o v er v ebhsadententsvelpay; musless incentive pay is necessary to induce
effort from them.He predicts thatignificant overconfidence is associated with higher incentive
pay because of the managebadedpay,ibsbovoar meleratepr ef er
levels of overconfidence are associated with lower incentive Plag.empirical evidence is
limited. BenDavid, Graham, and Harvey (2007) find that variable pay is related to their
measure of shoterm overconfidence, Ibthey find no evidence that total compensation is
correlated with overconfidence.

If, as these studies suggest, overconfident executives may have more variable

compensation, and if variable compensation creates greater incentives for earnings management,
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